
54

The unintended eff ects of the Cohesion Policy: 
The wealthiest regions attract more EU funds
RÉKA HORVÁTH1 – TÜNDE PETRA SZABÓ2

T his study explores a new research direction for the European Union’s (EU) Cohesion 
Policy. Our hypothesis is that regions with a higher GDP per capita are more successful in 
attracting funding under the EU’s Cohesion Policy than their poorer counterparts. We test 
our hypothesis based on a new dataset from Romania including all those who have received 
EU grants. Our research was carried out using three samples. For each sample, we estimated 
an OLS and an IV regression. The estimations support our hypothesis: GDP per capita has a 
statistically signifi cant positive eff ect on the EU funds secured in all three cases.

Keywords: Structural and Cohesion Funds, Cohesion Policy, European Union, 
Romania, Central and Eastern Europe.
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Introduction
The Cohesion Policy of the European Union (EU) has generated a 

considerable number of scientifi c studies. A simple search for “EU Structural and 
Cohesion Funds” (hereinafter referred to as EU funds) in the search engine of the 
Free University of Brussels Library returns 5,802 results for the last fi ve years. 
This is not surprising since the EU’s Cohesion Policy has become the second most 
fi nancially supported EU policy. In 2007-2013, the new Member States (those that 
joined the EU in 2004 and 2007) were allocated 50.51 percent of the EU funds 
(excluding the European Territorial Cooperation allocation). However, despite 
this substantial allocation, the scientifi c analysis of the new Member States in 
relation to the Cohesion Policy seems limited, leaving room for further analysis. 
Romania, which became a member of the EU in 2007 and was allocated close 
to €19 billion under the Cohesion Policy between 2007 and 2013, is even less 
analysed in well-established scientifi c journals.

According to the EU treaties, the objective of the Cohesion Policy is to reduce 
disparities between regions. The allocation rule of the Cohesion Policy is based on the 
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GDP per capita of the regions. The ratio between GDP per capita in purchasing power 
parity rates and the EU’s GDP is used to diff erentiate between “the poorer” and “the 
richer” regions. The former will receive “the highest transfers relative to GDP” (Mohl 
2016. 18). Several studies support the idea that richer regions benefi t more from EU 
funds (for example, Surubaru 2021; Crescenzi–Giua 2016; Rodrí guez-Pose–Garcilazo 
2015; Pinho et al. 2015; Crescenzi 2009). The results of these research studies are also 
supported by what we have seen in practice in Romania.

After the fi rst years of implementation of the EU’s Cohesion Policy in Romania, 
one can note that the municipalities, companies, and NGOs (benefi ciaries of the 
EU funds) that are in a better economic situation have a better capacity to attract 
funds and to allocate the necessary co-fi nancing amounts. Since the outcomes of 
a region’s economic sector are refl ected in its GDP, we assume that the counties 
with a higher GDP per capita can get a higher share of EU funds. In our opinion, 
this can be observed not only in Romania but also in other Central and Eastern 
European countries.

The need to analyse whether the impact of the Cohesion Policy is diff erent 
in richer and poorer regions is also highlighted by Bachtrögler et al. (2020). 
Regarding the impact of the Cohesion Policy on companies, they conclude that 
“supporting fi rms tends to be more eff ective in poorer countries and in poorer 
regions within countries” (Bachtrögler et al. 2020. 32).

Between the allocation at the EU level and the funds received by benefi ciaries 
in diff erent regions, we have the Member States’ spending strategies. The 
infl uence of politics and administrative capacity on the implementation of the 
Cohesion Policy at Member State level has already been extensively studied (see, 
for example, Incaltaru et al. 2020; Hagemann 2019; Banaszewska ̶ Bischoff  2017; 
Bachtler et al. 2017; Medve-Bálint 2018; Surubaru 2017; Dotti 2016; Bachtler 
et al. 2014; Dotti 2013; Dellmuth et al. 2017; Bouvet ̶ Dall’Erba 2010). The 
characteristics of the regions and their territorial capital have also been widely 
researched (see Fratesi ̶ Perucca 2019; Bachtrö gler et al. 2020; Percoco 2017; 
Fratesi ̶ Wishlade 2017; Fratesi ̶ Perucca 2014; Perucca 2014). Some authors point 
to the need for country-specifi c insights (Crescenzi ̶ Giua 2019) into the eff ects of 
the Cohesion Policy. This type of research can only be carried out now, as data of 
suffi  cient quality have only recently become available in Romania.

The implementation of the EU’s Cohesion Policy at the level of Member 
States, including Romania, is based on a call for projects system managed by the 
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state authorities. An important feature of this system is that applicants are required 
to provide co-fi nancing for their projects. At the same time, the assessment and 
verifi cation of the way in which the money was spent often leads to delays in 
reimbursement requests. Therefore, due to the nature of the application system, 
the benefi ciary must have enough money to implement the project as described 
in the application, then wait for the money to be refunded. The objectives of 
the application, the payment process, the co-fi nancing amount, and the entire 
application system are determined jointly by the Member States and various 
EU institutions (e.g., the Parliament and the Council for the legislative part, the 
Commission for partnerships agreements and each operational programme).

In reviewing the scientifi c literature, we found that only a few studies focused 
on the county (NUTS-3) level distribution of EU funding benefi ciaries (Bachtrö gler 
et al. 2019), as not many suitable databases were available. For the fi rst time in 
Romania, there is a database for the period 2007-2013, containing the list of all the 
benefi ciaries at the NUTS-3 level and the amounts of actual payments. We therefore 
believe that the conditions are now in place to analyse the distribution of the EU 
funds used in Romania. In our view, the case of Romania may also be of interest to 
other former communist states that joined the EU in 2004 or later.

Within this context, in our study, we tested the assumption that the counties 
(NUTS 3 level) with a higher GDP/capita were more successful in mobilising 
European funds than their counterparts with a lower GDP/capita.

The aim of our study is twofold. On the one hand, we exploit the potential 
off ered by a completely new dataset since no data was previously available for 
Romania, with the actual EU funds spent broken down by specifi c participants. 
On the other hand, we analyse a country that has not been one of the frequently 
researched Member States, despite its relative size and its share of EU funds.

Our analysis contributes to the scientifi c literature on the Cohesion Policy in 
two ways. First, we consider the actual implementation of the Cohesion Policy 
in Romania, which will help to understand not only one of the Union’s net 
benefi ciaries but also the issues raised by the Cohesion Policy in the Central and 
Eastern European (CEE) region. Second, we seek to understand the factors that 
explain the amount of EU funding received.

This paper is organised as follows. First, we briefl y review the relevant 
scientifi c literature, highlighting the pieces related to new Member States. Second, 
we highlight some of the main characteristics of EU funds in Romania. Third, 
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we present the variables and research methodology used in our analysis and our 
empirical results. Finally, we summarise our conclusions, practical implications, 
research limitations, and future research directions.

Literature review
As Bachtrö gler et al. (2020) emphasised, the literature on the eff ectiveness 

of the EU’s Cohesion Policy is immense. However, studies have not reached a 
consensus on the eff ectiveness of this policy in terms of GDP per capita growth 
(Bachtrö gler et al. 2020; Bouvet–Dall’Erba 2010; Medeiros 2017; Gagliardi–
Percoco 2017; Mohl–Hagen 2010). In their meta-analysis, Dall’Erba and Fang 
(2017) concluded that the heterogeneity observed in the impact of EU funds 
on growth is due to the publication status, the period analysed, the control for 
endogeneity, and the diff erent regressors.

In their 2017 editorial, Fratesi and Wishlade stress the new research 
direction which seeks to explain the factors infl uencing the impact of the 
Cohesion Policy. These factors are the quality of the government’s absorptive 
capacity and the territorial capital of regions (Fratesi–Wishlade 2017). Two 
years later, Bachtrö gler et al. (2019) emphasised the importance of the territorial 
assets/capital of regions for the impact of the Cohesion Policy. Caro and 
Fratesi’s fi ndings (2021. 319) suggest that “national and regional contextual 
factors” infl uence the outcomes of the Cohesion Policy. As for research on 
the new Member States, using the example of CEE NUTS-3 regions for the 
period 2004-2006, Fratesi and Perucca (2014) demonstrate that the impact of 
the Cohesion Policy depends on regions’ territorial capital. Their analysis also 
showed “that diff erent policy axes are facilitated by diff erent endowments of 
territorial capital” (Fratesi–Perucca 2014. 187).

Reviewing the existing literature, we found that GDP per capita plays a 
central role in analysing the impact of the Cohesion Policy. Dotti (2016. 539) 
notes that “according to the policy rationale, the amount of funding is expected 
to be inversely proportional to the level of per capita GDP”. Nonetheless, we did 
not fi nd any research explaining the relationship between the amount of EU funds 
collected in a region and the region’s GDP per capita.

As for the new Member States, they are included in the research presented in 
only a small part of this large body of literature on the Cohesion Policy. Therefore, 
we identifi ed a good research opportunity. Since the new Member States joined the 
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EU in 2004, 2007, and 2014 and the fi rst full Multiannual Financial Framework 
period was 2007-2013, we conducted a systematic review of the scientifi c 
literature, focusing on journals published after 2010. The search engine of the 
Free University of Brussels Library was used, giving access to multiple databases. 
Using these tools, we prepared Table 1, which lists major articles concerning CEE 
that are relevant to our topic.

Looking at the above-mentioned articles, we can see that only a few analyses 
in the top journals focus on Romania (Surubaru 2017) and even those are about 
administrative capacity or governance (Incaltarau et al. 2020), not about the 
territorial distribution of EU funds.

Clearly, EU funds have been the subject of many studies. However, no 
research has asked the following question: Does a region’s GDP per capita 
explain the amount of EU funds received by the benefi ciaries of that region? 
This is a gap that we identifi ed in the literature. In addition, there is no research 
on the distribution of EU funds in Romania in general, despite it being an 
important benefi ciary of the European Cohesion Policy, with a novel dataset for 
2007-2013.

Since the rule of eligibility for Objective 1 regions (NUTS-2 level, with 
a GDP that is less than 75 percent of the EU average) has not changed over 
the programming periods, our hypothesis is the following: a region’s GDP per 
capita explains at least part of the total amount of EU funds received by the 
diff erent benefi ciaries in that region. Based on the eligibility criterion, it would 
be ideal to fi nd that a higher GDP means less EU funding. However, based on 
the scientifi c literature (Fratesi ̶ Perucca 2014; Fabrizi et al. 2016; Bachtrö gler 
et al. 2019; Medve-Bálint 2017; Bakucs ̶ Fertő 2019; Bourdin 2019; Dyba et al. 
2018; Aiello ̶ Pupo 2017), we expect to see the opposite, namely that a higher 
GDP means more EU funds. Given that our dependent variable is the amount 
of EU funds absorbed by a region, we will test our hypothesis with regressions. 
Drawing on the literature (Novosák et al. 2017; Fabrizi et al. 2016; Pellegrini et 
al. 2013; Gagliardi ̶ Percoco 2017), we will use the GDP per capita and several 
other control variables to predict the dependent variable. The control variables 
were chosen based on the literature (see, for example, Medve-Bálint 2017) and 
their availability for Romania.
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Table 1. Articles in top journals regarding the Cohesion Policy 
in new Member States
Authors Focus Country/countries

Incaltarau et al., 
2020

Impact of administrative capacity 
and political governance on the 
absorption rate

EU 27

Bachtrö gler et al., 
2018

Impact of the Cohesion Policy on 
fi rm growth

EU 25

Hagemann, 2019
Role of politics in the absorption 
process

New Member States

Dyba et al., 2018
Impact of the Cohesion Policy on 
regional development

Albania, Bulgaria, Croatia, Czechia, 
Hungary, Poland, Romania, 
Slovakia, Slovenia, Estonia, Latvia, 
and Lithuania

Loewen, 2018
Cohesion Policy and institutional 
changes

Hungary and Estonia

Medve-Bálint, 
2018

States’ spending strategies

Greece, Italy, Ireland, Spain and 
Portugal, Czechia, Estonia, Hungary, 
Latvia, Lithuania, Poland, Slovakia, 
and Slovenia

Banaszewska 
̶Bischoff , 2017

Impact of political factors on EU 
fund allocation

Poland

Gagliardi ̶ Percoco, 
2017

Impact of CP on economic 
performance

Objective 1 regions

Novosák et al., 
2017

Spatial distribution of EU funds Czechia

Percoco, 2017
Infl uence of local economic 
structure on policy outcomes

Objective 1 regions

Surubaru, 2017 
Impact of political factors on the 
management and implementation 
of structural funds

Bulgaria and Romania

Bachtler et al., 
2014

Role of administrative capacity 
in the performance of structural 
funds

Czechia, Estonia, Hungary, Latvia, 
Lithuania, Poland, Slovakia, and 
Slovenia

Dabrowski, 2014 Partnerships Poland, Czechia, and Hungary

Fratesi ̶ Perucca, 
2014

Impact of the structural 
characteristics of the region on 
economic growth

Central and Eastern Europe

Source: Own editing
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Structural and Cohesion Funds in Romania
Currently, the international scientifi c literature includes no articles 

dealing with the territorial distribution of EU funds in Romania. Therefore, to 
make meaningful regressions and to explain our fi ndings, we fi rst describe the 
characteristics of the operational programmes implemented in 2007-2013, the 
fi rst period when Romania fully benefi ted from EU funds.

Romania joined the EU in 2007 and, during the period 2007-2013, 
all NUTS-2 (and NUTS-3) regions of Romania were funded under the 
Convergence objective (Commission Decision 2007/191/EC). Romania was 
also supported under the European Territorial Cooperation objective. In the case 
of transnational projects, all NUTS-2 regions were eligible for funding. The 
indicative allocations were as follows (based on 2004 prices): €16,870,209,691 
for the Convergence objective (€5,754,788,708 from the Cohesion Fund) and 
€308,930,782 for the European Territorial Cooperation (European Commission 
2007a, 2007b, 2007c).

Following the Cohesion Policy rules presented by the government and after 
intense negotiations, the Commission approved Romania’s National Strategic 
Reference Framework (NSRF) for 2007-2013. The NSRF established the 
objectives and the fi nancial envelope for each objective (see Table 2). The approval 
of the NSRF was followed by the development of operational programmes, which 
also had to be approved by the Commission. The calls for proposals were prepared 
based on these programming documents. The NSRF identifi ed the following 
operational programmes (OPs): transport, environment, competitiveness, regional 
operational programme, human resource development, administrative capacity 
building, and technical assistance (Government of Romania 2007). Notably, the 
Romanian NSRF for 2007-2013 is based on the National Development Plan and 
is agreed upon by the representatives of the development regions (NUTS-2 level) 
and by the representatives of the counties (NUTS-3 level).

Regarding the European Territorial Cooperation objective, Romania 
participated in 12 programmes between 2007 and 2013: Romania–Bulgaria, 
Hungary–Romania, Southeastern Europe, INTERREG IVC, Urbact II, Romania–
Serbia, Black Sea, Romania–Ukraine–Republic of Moldova, Hungary–Slovakia–
Romania–Ukraine, Interact, ESPON, and Central Europe (MDRAP 2012).
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Table 2. Operational programmes in Romania under the Convergence 
objective, 2007-2013

Operational programme
Total funds 2007-13

euro
current amounts

Percentage of total funding 
for Romania under the 
Convergence objective

%
Increase of economic competitiveness 2,554,222,109 13.29
Transport 4,565,937,295 23.76
Environment 4,512,470,138 23.49
Regional 3,726,021,762 19.39
Technical assistance 170,237,790   0.89
Human resource development 3,476,144,996 18.09
Administrative capacity building 208,002,622 1.08
Total 19,213,036,712 100

Source: Own editing based on the National Strategic Reference 

Framework 2007-13 (Government of Romania 2007)

In our analysis, we only use data on the Convergence objective, which 
accounts for 98.2 percent of the total indicative allocations for Romania from 
Structural and Cohesion Funds. We do not analyse the European Territorial 
Cooperation objective, as currently no database allows for linking the exact 
funding received to the respective Romanian counties (NUTS-3 regions).

According to the literature, at least three main programming characteristics 
infl uence the spatial distribution of EU funds. The fi rst is the allocation of 
resources among operational programmes. In Table 2, the Environment and 
Transport operational programmes are the two main infrastructure programmes, 
and they each receive about 23 percent of EU funding. If we also include the funds 
allocated to the Regional Operational Programme, which is also mainly focused 
on infrastructure, we can see that about 67 percent of EU funds are related to 
infrastructure investments. We can conclude that, there is an uneven distribution 
of allocations for the diff erent types of funding, which is decided by the Romanian 
government and approved by the European Commission.

The second characteristic is the order of priorities set in the programmes 
since not all actions receive the same amount of resources. For example, in the 
Competitiveness OP, Priority Axis 1.1. on productive investments for small- and 
medium-sized enterprises (SMEs) represents 20.60 percent of the total funding 
allocated to this OP. However, the 5.2. actions for communicating the operational 
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programme account for only 0.93 percent of EU funds (authors’ calculations 
based on Ministerul Finanțelor Publice 2011).

The third main characteristic concerns the types of potential benefi ciaries. 
Within each operational programme, each priority axis included a list of potential 
benefi ciary categories. For example, there were priority axes for which only 
regional water service providers and the Bucharest Mayor’s Offi  ce were eligible 
(Environment Operational Programme 1.1), and they represented 61.53 percent 
of the operational programme budget (own calculations based on Ministerul 
Mediului și Pădurilor 2012). However, there was also an objective which listed 
more than eleven categories of applicants although it was allocated only 7.72 
percent of the total budget (authors’ calculations based on Ministerul Muncii, 
Familiei, Protecției Sociale și Persoanelor Vârstnice 2013).

All these characteristics of the programmes will fundamentally aff ect the 
territorial distribution of funds. For example, if most of the benefi ciaries that can 
apply for funding are public institutions registered in Bucharest (NUTS-3 region), 
the capital city will be overrepresented in the sample. However, the impact of 
these funds will also be felt in other counties.

Research methodology and data
We downloaded our database from the website of the Romanian Ministry 

of European Funds in January 2019 (Ministerul Fondurilor Europene 2016). 
After several e-mails and the Ministry’s response, we clarifi ed the issues raised. 
Thus, we created a database containing 15 930 projects spread across diff erent 
programmes. For each project, we have the benefi ciary’s name, the name of 
the NUTS-3 region, the total amount paid from the EU funds (Cohesion Fund, 
European Social Fund, European Regional Development Fund), the OP, and the 
type of benefi ciary. In Romania, there are 42 NUTS-3 regions, namely 41 counties 
and the capital city of Bucharest.

Our hypothesis is that GDP per capita explains the amount of money received 
by the benefi ciaries in each county (NUTS-3 region), and the dependent variable is 
EU funds per capita. Since the amounts received from EU funds cannot be broken 
down by year, the variables to be used must cover the whole period analysed. 
We decided to use the seven-year average value (from 2007 to 2013) of all 
independent variables included in the regressions. Our explanatory variables were 
GDP per capita, the number of hospital beds (per 1000 inhabitants), the number 

Réka Horváth, Tünde Petra Szabó



63
of students enrolled in pre-university education, the number of students registered 
for the fi nal university exams, the number of retirees, the unemployment rate and 
state subsidies per capita. All our variables, their abbreviations and sources are 
shown in Table 3.

Table 3. Variables used in the research
Variable name Abbreviation Source

GDP per capita GDP per capita
Romanian Statistical Institute 
database

Number of hospital beds per 
1,000 inhabitants

HBED
Romanian Statistical Institute 
database

Number of students enrolled in 
pre-university education

ENROLLEDPREUNIV
Romanian Statistical Institute 
database

Number of students registered 
for the fi nal university exams 

STUDFINALUNIV
Romanian Statistical Institute 
database

Number of retirees RETIREES
Romanian Statistical Institute 
database

Unemployment rate UNEMP
Romanian Statistical Institute 
database

EU Structural and Cohesion 
Funds per capita

EU funds
Our database for EU funds
Romanian Statistical Institute 
database for the number of people

State subsidies per capita SUBSIDIES
Romanian Statistical Institute 
database

Source: Own editing

Based on our database structure and data, we need to construct multiple 
regressions to test our hypothesis. Apart from the database characteristics 
mentioned above, our database contains a total of 28 types of benefi ciaries, 
13 of which accounted for less than one percent of the amounts paid from EU 
funds. Altogether, these 13 benefi ciaries accounted for 4.075 percent of the total 
payments received by Romania from EU funds (own calculations). It is worth 
noting that not all types of benefi ciaries received funding under all programmes 
(see Appendix 1). In fact, central public administration authorities were the 
only type of benefi ciary that received EU funds under all Romanian operational 
programmes. The data on the benefi ciaries also shows us the concentration of 
funds, and the share of the diff erent types of benefi ciaries in the total amount 
paid is as follows: 22.62 percent, county councils, local councils, and town halls; 
16.88 percent, commercial companies with majority or full state ownership; 16.70 
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percent, businesses (all types); 11.47 percent, regional operators; 10.74 percent, 
central public administration authorities or units coordinated by them (own 
calculations).

By analysing the amount of EU funds received by a type of benefi ciary, we 
identifi ed fi ve operational programmes where the fi rst three types of benefi ciaries 
received more than 80 percent of the total amount. These operational programmes 
are the following: regional, environment, transport, administrative development, 
and technical assistance (own calculations). Moreover, each of these programmes 
includes types of benefi ciaries accounting for more than 50 percent of the OP’s 
paid amount: 50.68 percent for town halls and local councils in the Regional OP; 
53.84 percent for regional operators in the Environment OP; 93.67 percent for 
commercial companies with majority or full state ownership in the Transport OP; 
65.32 percent for central public administration authorities in the Administrative 
Capacity Building OP, and 81.58 percent in the Technical Assistance OP (own 
calculations).

All of the above observations support the construction of multiple 
regressions. First, we must test our hypothesis on the whole sample. Second, 
since municipalities and companies collected most of the money, they must be 
examined separately.

We are aware that the issue of endogeneity may arise when constructing a 
regression. There are three instances where the exogeneity condition is violated, 
and thus endogeneity is present: errors-in-variables, omitted variables and 
simultaneous causality. In estimating the impact of Structural and Cohesion Fund 
payments on economic growth, Mohl and Hagen (2010) attribute endogeneity to 
four issues: the use of imprecise data, reverse causality, unobserved or omitted 
variables, and the omission of regional spillover eff ects. We tried to mitigate these 
eff ects in the following way. On the fi rst issue, we looked at actual payments, not at 
structural fund commitments. Regarding the second issue, in the case of Romania, 
the period 2007-2013 is the fi rst programming period as a member of the EU, 
thus all NUTS-3 regions were Objective 1 regions. Consequently, the decision on 
funding eligibility was made several years before the actual payments and without 
the country being a member of the EU. On the third issue, we tried to use all the 
control variables available to us for that period and at that level. Regarding the 
fourth issue, we can consider it as not existent for that period and for this country, 

Réka Horváth, Tünde Petra Szabó



65
since in this database we have the actual payments of EU funds for each project 
and for each county. Additionally, in all cases, we tested for endogeneity using the 
instrumental variables estimation.

Empirical results
We estimated the following three regression models: the fi rst was estimated 

using the entire sample; the second only analysed the funds received by county 
councils, city councils and town halls, and the third focused only on the funds 
received by companies.

Model 1: The entire Romanian sample
In this sample, we included the projects funded for all the benefi ciaries from 

all the counties between 2007 and 2013. As we have mentioned, the dependent 
variable is EU funds per capita, while the independent variables are GDP per 
capita, the number of hospital beds per 1,000 inhabitants, the number of students 
enrolled in pre-university education, the number of students registered for fi nal 
university exams, the number of retirees, and the unemployment rate.

Since the relationship between EU funds per capita and GDP per capita is 
rather exponential, we will use their natural logarithm. We introduced a dummy 
variable for Bucharest, as many benefi ciaries were registered in Bucharest, to see 
if there was a signifi cant diff erence between the capital and the counties.

Appendix 2 shows the correlations between the variables used (both dependent 
and independent). We ran a multiple regression using the natural logarithm of EU 
funds per capita as the dependent variable.

We tested for endogeneity using the instrumental variables estimation. First, 
we tested the relevance of the instrument, namely we examined whether the 
chosen instrument (income) was indeed suffi  ciently correlated to the endogenous 
variable (logGDP/cap), and we tested for exogeneity, that is, if the potentially 
endogenous variable (logGDP/cap) was indeed endogenous. These diagnostic 
tests revealed that the instrument used was strong (Wald test: F(2,39)=113.42, 
p<0.001), but we could not reject the null hypothesis of the Wu-Hausman test 
for endogeneity (F(1,37)=0.364, p=0.55); thus, the variable of concern (logGDP/
cap) is uncorrelated with the error term, so the OLS estimator is consistent and 
therefore the OLS estimator is to be preferred. The OLS regression results and the 
estimation of the instrumental variable (IV) can be seen in Table 4.
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Table 4. Results of Model 1 and the IV1 model

Dependent variable
logEUFundspercap

OLS
(1)

Instrumental variable
(2)

logGDPpercap 
0.658***
(0.034)

0.660***
(0.035)

HBED
0.095**
(0.036)

0.093**
(0.037)

SUBSIDIES
0.002*
(0.001)

0.002*
(0.001)

Bucdummy
0.832**
(0.337)

0.832**
(0.337)

Observations 42 42
R2 0.999 0.999
Adjusted R2 0.998 0.998
Residual Std. Error 0.297 0.297
F Statistic 6,759.058***

Note:  * p<0.1; ** p<0.05; *** p<0.01
Source: Own calculations in R

All the classical assumptions of the OLS regression were then tested 
(Appendix 3). The value of the adjusted R-square shows that log(GDP/cap), 
the number of hospital beds per 1,000 inhabitants, the state subsidies per capita 
and the dummy variable Bucdummy explain 99.8 percent of the variance of the 
log(EUfunds/cap). The regression equation takes the following form:

ln(EUFunds / cap
i
) = 0.658•ln(GDP / cap

i
) + 0.095•HBED

i
 +

+ 0.002•SUBSIDIES
i
 + 0.832•Bucdummy

i
 + ε

i
, i=1,42

We can see that a 1% change in the GDP per capita implies a 0.658% change 
in the EU funds per capita. The Bucdummy variable shows a 0.832% increase in 
the case of EU funds per capita for Bucharest. The previous regression indicates 
that a county’s higher GDP per capita results in a higher amount of EU funds. 
Therefore, although the counties with a lower GDP should benefi t more from 
European funds, our results showed that the higher the GDP of a county, the more 
it can benefi t from these funds.

According to Scotti et al. (2022), theoretical reasons suggesting the need 
to consider spatial eff ects are related to economic integration, trade, capital 
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mobility, labour migration, technology transfer and knowledge spillovers, which 
demonstrate that regions cannot be considered as isolated entities. Figure 1 shows 
the spatial distribution of EU funds per capita in Romania.

Source: Own editing in QGIS

Figure 1. Spatial distribution of EU funds per capita in Romania

Figure 1 shows that a very large portion of the fi nancial resources were 
received and spent in the vicinity of the Romanian capital Bucharest. This city acts 
as a ‘managing authority’ for all EU funds in Romania, that is, it is responsible 
for receiving funds from Brussels and redistributing them throughout Romania. 
That is why we introduced the Bucdummy dummy variable in the estimation 
(which takes the value 1 in the case of Bucharest). After developing the OLS 
model, we used Moran’s I tool to assess the presence of spatial autocorrelation 
in the residuals. Based on Moran’s I value, we cannot reject the null hypothesis 
(p=0.2786), so there is no spatial autocorrelation. It is quite possible that the 
spatial distribution of feature values is the result of random spatial processes.

Model 2: County councils, city councils, and town halls
In the following section, we will focus only on the funds secured by county 

councils, city councils, and town halls. Of the total amount paid from EU funds 
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to Romanian benefi ciaries, 22.62 per cent was allocated to county councils, local 
councils, and town halls. We estimated a new regression model with the logarithm 
of EU funds per capita as the dependent variable; however, this time we computed 
only the amount paid to county councils, city councils, and town halls for each 
county (NUTS-3).

Surprisingly, however, we found that the standard deviation of the amount 
paid to county councils, city councils, and town halls was lower than expected 
(Appendix 4). Therefore, the counties managed to get similar amounts regardless of 
their GDP per capita. This raises the question of political infl uence on the allocation 
and design of operational programmes. Appendix 5 includes, among others, the 
correlation coeffi  cients between the dependent variable and independent variables.

We tested for endogeneity in this case too, using income as an instrumental 
variable. The diagnostic tests revealed that the instrument used (income) was 
strong (F(1,40)=5.880, p=0.0199). The Wu-Hausman test for endogeneity was 
not signifi cant in this case (F(2,36)=1.130, p=0.3341), thus the variable of 
concern (logGDP/cap) is uncorrelated with the error term. The results of the OLS 
regression and the instrumental variable estimation can be seen in Table 5.

Table 5. Results of model 2 (county councils, city councils, and town 
halls) and the IV2 model

Dependent variable
logEUFundspercap

OLS
(1)

Instrumental variable
(2)

logGDPpercap 
0.546***
(0.032)

0.565***
(0.074)

RETIREES
-0.00001***

(0.00000)
-0.00001*
(0.00001)

ENROLLEDPREUNIV
0.00001**
(0.00000)

0.00001
(0.00001)

SUBSIDIES
0.005***
(0.001)

0.005***
(0.002)

Observations 42 42
R2 0.998 0.998
Adjusted R2 0.998 0.998
Residual Std. Error 0.300 0.313
F Statistic 4,917.396***

Note:  * p<0.1; ** p<0.05; *** p<0.01
Source: Own calculations in R
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In the case of this model, each classical assumption of the OLS regression was 

also tested (Appendix 6), and all the assumptions were satisfi ed. The regression 
equation takes the following form:

ln(EUFunds / cap
i
) = 0.546•ln(GDP / cap

i
) – 0.00001•RETIREES

i
 +

+ 0.00001•ENROLLEDPREUNIV
i
 + 0.005•Subsidies

i
 + ε

i
, i=1,42

We can see that the number of retirees has a signifi cant negative impact on 
EU funds, as an increase in the number of retirees can put pressure on public 
pension systems, which are partly funded by government contributions and taxes. 
As more people retire and begin to draw on their pensions, there may be less 
funding available to support other programmes or initiatives that are also funded 
by the government.  An increase in the number of retirees may lead to a decrease in 
the size of the workforce, which could impact economic growth and tax revenues. 
This could have an indirect eff ect on the availability of EU funds, as there may be 
less funding available for investment in infrastructure, research and development 
or for other initiatives that require government funding.

The number of students enrolled in pre-university education has a signifi cant 
positive infl uence on EU funds. EU structural and cohesion funds are often 
allocated to support education and training programmes aimed at improving the 
skills and employability of the workforce. A larger number of students enrolled 
in pre-university education may increase the demand for such programmes, 
particularly those aimed at developing technical and vocational skills, as well 
as programmes focused on entrepreneurship and innovation. EU funds may be 
used to support investments aimed at meeting the demand for pre-university and 
higher education, improving the skills and employability of the workforce and 
promoting economic growth.

Here, if we analyse only the amount of money received by the various types 
of councils in a NUTS-3 region, the value of the EU funds received per capita 
increases as the amount of state subsidies per capita increases in a given county.

Geolocalised data on benefi ciaries of EU funds for the period 2007-2013 
allow us to visualise the geographical distribution of EU development projects 
across Romania (Figure 2).

To check if the results of the OLS model were acceptable, it was necessary to 
test for spatial autocorrelation in the model. Moran’s I diagnostics of residual for 
the model was not found to be statistically signifi cant (MI = -0.139631086, p = 
0.885). This result confi rmed the absence of spatial autocorrelation in the model.
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Source: Own editing in QGIS

Figure 2. Spatial distribution of EU funds received exclusively by county 
councils, city councils, and town halls in Romania

Model 3: Companies
In the previous section, we saw that the share of companies (all types 

combined) in the total amount paid from EU funds was 16.70 percent. This puts 
companies in third place among the types of benefi ciaries that received the most 
money from EU funds. Therefore, we examined whether our hypothesis would 
hold if we only considered the amounts received by fi rms.

This time, we computed for each county (NUTS-3) the amount of money 
attracted by companies, so we estimated a multiple regression model, using the 
natural logarithm of EU funds per capita as dependent variable. The independent 
variables were the natural logarithm of GDP per capita, the unemployment rate, 
the number of hospital beds per 1,000 inhabitants, the number of students enrolled 
in pre-university education, the number of students enrolled in universities, and 
the number of retirees. In Appendix 7, we can see the correlations between the 
variables used (both dependent and independent variables).

We tested for endogeneity in this case too, using income as an instrumental 
variable. Based on the Wald test performed on the instrument in the fi rst stage, 
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we rejected the null hypothesis (p<0.001), thus the instrument used (income) was 
strong. The Wu-Hausman test for endogeneity was not signifi cant (F(1,39)=1.171, 
p=0.286), which indicated that endogeneity did not bias the estimate of the eff ect 
of ln(GDP/capita) on ln(EU Funds/capita) in a problematic way. The results of the 
OLS regression and the instrumental variable estimation can be seen in Table 6.

Table 6. The results of the OLS regression including only the companies 
(Model 3) and the IV3 model

Dependent variable
logEUFundspercap

OLS
(1)

Instrumental variable 
(2)

logGDPpercap 
0.657***
(0.025)

0.683***
(0.035)

UNEMP
-0.103***

(0.038)
-0.145**
(0.054)

Observations 42 42
R2 0.993 0.992
Adjusted R2 0.992 0.992
Residual Std. Error 0.521 0.529
F Statistic 2,648.435***

Note:  * p<0.1; ** p<0.05; *** p<0.01

Source: Own calculations in R

Each classical assumption of the OLS regression was tested (Appendix 8). 
The regression equation takes the following form:

ln(EUFunds / cap
i
) = 0.657•ln(GDP / cap

i
) – 0.103•UNEMP

i
 + ε

i
, i=1,42

GDP per capita has a statistically signifi cant positive eff ect on EU funds per 
capita. Thus, our hypothesis also holds if we consider only the funds received 
by companies. We can see the statistically signifi cant negative infl uence of the 
unemployment rate on the natural logarithm of EU funds per capita. The EU 
may allocate funds to support economic development and address imbalances in 
regions that are facing high levels of unemployment, including within individual 
countries. By addressing these issues at the county level, the EU can help to 
promote economic growth and reduce disparities in economic development within 
countries, as well as support the overall functioning of the single market. This can 
be particularly important for border regions, where the unemployment rate of one 
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county may be infl uenced by economic conditions in neighbouring counties. The 
spatial distribution of the EU funds received exclusively by companies can be 
seen in Figure 3.

Source: Authors’ editing in QGIS

Figure 3. Spatial distribution of per capita EU funds received exclusively 
by companies in Romania

In Figure 3, we can see that, in the case of companies, there is a sign of 
spatial autocorrelation. So, to check that the results of the OLS regression were 
acceptable, we also examined in this case whether spatial autocorrelation could be 
found in the model. Moran’s I diagnostics of residual for the model was statistically 
signifi cant (MI = 0.156982615, p = 0.02483). Anselin (2005. 199) provides a 
decision tree for the Lagrange Multiplier test (LM) statistics to decide upon the 
nature of the estimated model. First, we should consider the LM-Error and the 
LM-Lag test statistics. If neither rejects the null hypothesis, then we should stick 
to the original model. In our case, we failed to reject the null hypothesis in both 
cases (LMerr = 2.3262, p-value = 0.1272; LMlag = 0.34583, p-value = 0.5565), 
so we stick to our original OLS estimation.
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Discussion and conclusions
In our study, we examined a perspective that was previously lacking in the 

scientifi c literature on EU funds. We concentrated on the Romanian NUTS-3 
regions (the counties in Romania), as this is an understudied country and regional 
level, fi lling the gap we found in the literature. Furthermore, there is a novel 
dataset which contains the actual payments made from EU funds to benefi ciaries 
from Romania. We answered the question of whether the GDP per capita of a 
given county explains the amount of money received by benefi ciaries in the 
same county (NUTS-3 level). Our analysis concerned all NUTS-3 regions from 
Romania in the period 2007-2013. During this period, all regions in Romania 
were Objective 1 regions. Our hypothesis was that the variance in the amount of 
money paid to benefi ciaries in a given county can be explained by the seven-year 
average value of the GDP per capita (from 2007 to 2013) and other variables.

We tested our hypothesis on three databases and estimated three models that 
can be seen above in the empirical section.

First, the regression was estimated using the database containing all the 
projects that benefi ted from EU funds during this period. We then constructed 
the following two subsamples containing all winning projects and the actual 
payments made to them: the fi rst subsample contains only the amounts 
received by county councils, city councils, and town halls; the second database 
contains all types of companies. We constructed three linear regression models, 
using the natural logarithm of EU funds per capita as dependent variable, the 
natural logarithm of GDP per capita as independent variable, and several other 
variables.

Our hypothesis was confi rmed in each case. More precisely, we confi rmed 
that when counting all the funds received by all benefi ciaries in Romania (the 
sample), by all county councils, city councils and town halls (fi rst subsample) 
or by all the companies (second subsample), GDP per capita had a statistically 
signifi cant positive eff ect on EU funds per capita. However, apart from GDP per 
capita, we did not fi nd a common infl uencing factor for all three cases, which 
seems to confi rm the fi ndings of Fratesi and Perucca (2014) for some CEE 
countries, excluding Romania. This fi nding also raises another question regarding 
Romania: Which factor of territorial capital diff erentiates the impact of EU funds 
in these regions? We think this is a research path worth exploring when the data 
for the period 2014-2020 is made public.
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We know that EU funds aim to support the economic and social development 

of the less prosperous regions and countries within the EU. Therefore, regions 
and countries with lower GDP per capita and higher levels of unemployment and 
economic disparities may receive a higher share of EU funds. This does not apply 
to companies, since our results for the company subsample show that the higher the 
GDP per capita in a county, the higher the EU funds per capita attracted by companies 
in that region, which raises the question of the eff ectiveness of EU funds. Especially 
since Bachtrö gler et al. (2019. 32) found that “supporting fi rms tends to be more 
eff ective in poorer countries and in poorer regions within countries.” However, even 
regions and countries with higher GDP per capita may be eligible for EU funding if 
they face specifi c economic and social challenges or if they undertake projects that 
align with the EU’s priorities and objectives. For example, a region with a high GDP 
per capita may receive funding for a research and innovation project that contributes 
to the EU’s goal of promoting sustainable and inclusive growth.

Therefore, our hypothesis is confi rmed: for Romania, the GDP per capita 
of NUTS-3 regions has a statistically signifi cant positive infl uence on the per 
capita EU funds received by benefi ciaries from the same region over the analysed 
period. We have also confi rmed that if a region has a higher GDP per capita, it 
will gain more EU funds per capita than a region with a lower GDP per capita. A 
future study could support this hypothesis based on NUTS-3 data at the EU level. 
This fi nding is also consistent with the conclusions of Bouvet and Dall’Erba, 
who argue that the “lower level of development of [Objective 1 regions] limits 
their lower capacity to accompany EU monies” (Bouvet ̶Dall’Erba 2010. 518). 
Furthermore, Dettmer and Sauer argue that the principle of additionality “tends to 
favour rich regions that are able to provide additional funds over poor regions that 
cannot” (Dettmer ̶ Sauer 2019. 171).

The main limitation of this study is that the amounts received from EU 
funds cannot be broken down by year. We decided to use the seven-year average 
value (from 2007 to 2013) of all independent variables that were included in the 
regressions. Therefore, our results highlight the trends valid in the case of average 
values and are not applicable to each year taken separately over the analysed 
period. We see two new research directions arising from our methodological 
choices. On the one hand, the causal link between GDP per capita and EU funds 
per capita could be examined. On the other hand, when newer data becomes 
available, we will be able to test our hypothesis over a longer period, 2007-2020.
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Two conclusions can be drawn from this research regarding the development 

of the EU’s Cohesion Policy. On the one hand, if we want poorer regions to 
be able to attract more EU funds, they must be mainstreamed into country-
level planning. All the actors involved in the programming of EU funds in the 
Member States must take public responsibility, from planning the use of funds 
to implementation. This should include responsibility for prioritisation between 
regions and objectives. We support the opinion of Crescenzi et al. (2020. 5), 
who argued that “Member States should take full responsibility and ownership 
of the Cohesion Policy and its impacts.” In cases like Romania, where all 
the counties (NUTS-3) were covered by Objective 1, it would make sense to 
determine at Member State level, in a well-communicated and scientifi cally 
sound way, how much money can be allocated in total to benefi ciaries from 
one county. Or like Crescenzi already suggested in 2009, a solution could be 
better targeting and “combining GDP per capita with further information on the 
socio-economic conditions of the target areas” (Crescenzi 2009. 128). The need 
for diff erentiation between the regions is also argued by Medve-Bálint (2017. 
220), in whose opinion “the lack of diff erentiation between the more and the 
less prosperous regions in terms of fund eligibility has enabled unequal internal 
competition for the funds, which has primarily benefi ted the wealthier regions 
and localities”. However, given the importance of spillover eff ects demonstrated 
by a considerable amount of research (e.g., Bourdin 2019; Kostov ̶ Gallo 2015), 
it would be worthwhile to set maximum eligible amounts by region, at the 
NUTS-2 level. Decision makers may consider, as a partial solution, decreasing 
the EU co-fi nancing rate in richer regions and increasing it in regions with 
lower GDP per capita. Regional programmes (NUTS-2 level) that tackle issues 
that are important to the regions and one or two national programmes with a 
transregional scope (above the NUTS-2 level) could also help solve this issue.

On the other hand, it should be decided whether the EU’s regional convergence 
or regional development at Member State level is a priority. In the case of 
Romania, all the regions attracted EU funds and achieved some development 
with this funding. These regions would have been unable to accomplish this 
without EU funds. We argue that even if the ultimate goal of the Cohesion Policy  
̶  convergence between all EU regions  ̶  is not achieved, there are considerable 
development gains for individual Member States, and this could benefi t the EU 
as a whole.

The unintended eff ects of the Cohesion Policy: The wealthiest regions...



76
References
Aiello, F.–Pupo, V. 2017. Structural funds and the economic divide in Italy. Journal 

of Policy Modeling 34, 402–418.
Anselin, L. 2005. Exploring spatial data with GeoDaTM: A workbook. https://www.

geos.ed.ac.uk/gisteac/fspat/geodaworkbook.pdf, downloaded: 10.01.2023.
Bachtler, J.–Berkowitz, P.–Hardy S.–Muravska, T. 2017. EU Cohesion Policy 

Reassessing performance and direction. London: Routledge.
Bachtler, J.–Mendez, C.–Oraže, H. 2014. From Conditionality to Europeanization 

in Central and Eastern Europe: Administrative Performance and Capacity in Cohesion 
Policy. European Planning Studies 22, 735–757.

Bachtrö gler, J.–Fratesi, U.–Perucca, G. 2020. The infl uence of the local context on 
the implementation and impact of EU Cohesion Policy. Regional Studies 54, 21–34.

Bachtrö gler, J.–Hammer, C. 2018. Who Are the Benefi ciaries of the Structural Funds 
and Cohesion Fund and how Does the Cohesion Policy Impact Firm Level Performance. 
OECD Economic Department Working Papers, no. 1499.

Bakucs, Z.–Fertő, I. 2019. Convergence or Divergence? Analysis of Regional 
Development Convergence in Hungary. Eastern European Countryside 26, 121–143.

Banaszewska, M.–Bischoff , I. 2017. The Political Economy of EU-funds: Evidence 
from Poland. Journal of Economics and Statistics 237, 191–224.

Bourdin, S. 2019. Does the Cohesion Policy Have the Same Infl uence on Growth 
Everywhere? A Geographically Weighted Regression Approach in Central and Eastern 
Europe. Economic Geography 95, 256–287.

Bouvet, F.–Dall’Erba, S. 2010. European Regional Structural Funds: How Large Is 
the Infl uence of Politics on the Allocation Process? Journal of Common Market Studies 
48, 501–528.

Caro, P.D.–Fratesi, U. 2021. One policy, diff erent eff ects: Estimating the region-
specifi c impacts of EU cohesion policy. Journal of Regional Science 62, 303 ̶ 330.

Crescenzi, R. 2009. Undermining the Principle of Concentration? European Union 
Regional Policy and the Socio-economic Disadvantage of European Regions. Regional 
Studies 43(1), 111 ̶ 133.

Crescenzi, R.–Giua, M. 2016. The EU cohesion policy in context: does a bottom- up 
approach work in all regions? Environment and Planning A: Economy and Space 48(11), 
2340 ̶ 2357.

Crescenzi, R.–Giua, M. 2019. One or many Cohesion Policies of the European 
Union? On the diff erential economic impacts of Cohesion Policy across member states. 
Regional Studies 54, 10–20.

Crescenzi, R.–Fratesi, U.–Monastiriotis, V. 2020. Back to the Member States? Cohesion 
Policy and the National Challenges to the European Union. Regional Studies 54, 5–9.

Dabrowski, M. 2014. EU Cohesion Policy, Horizontal Partnership and the Patterns 
of Sub-national Governance: Insights from Central and Eastern Europe. European Urban 
and Regional Studies 21, 364–383.

Réka Horváth, Tünde Petra Szabó



77
Dall’Erba, S.–Fang, F. 2017. Meta-analysis of the Impact of European Union 

Structural Funds on Regional Growth. Regional Studies 51, 822–832.
Dellmuth, L. M.–Schraff , D. ̶ Stoff el, M. F. 2017. Distributive Politics, Electoral 

Institutions and European Structural and Investment Funding: Evidence from Italy and 
France. Journal of Common Market Studies 55, 275–293.

Dettmer, B.–Sauer, T. 2019 Implementation of European Cohesion Policy at the Sub-
national Level: Evidence from Benefi ciary Data in Eastern Germany. Papers in Regional 
Science 98, 167–189.

Dotti, N. F. 2016. Unwritten Factors Aff ecting Structural Funds: The Infl uence of 
Regional Political Behaviours on the Implementation of EU Cohesion Policy. European 
Planning Studies 24, 530–550.

Dotti, N. F. 2013. Unbearable Instability of Structural Funds’ Distribution. European 
Planning Studies 21, 596–614.

Dyba, W.–Loewen, B.–Looga, J.–Zdražil, P. 2018. Regional Development in Central-
Eastern European Countries at the Beginning of the 21st century: Path Dependence and 
Eff ects of EU Cohesion Policy. Quaestiones Geographicae 37, 77 ̶ 92.

European Commission 2007a. Commission Decision of 15 May 2007 Amending 
Decision 2006/609/EC Fixing an Indicative Allocation by Member State of the 
Commitment Appropriations for the ‘European Territorial Cooperation’ Objective for the 
Period 2007 to 2013 as Concerns Bulgaria and Romania (notifi ed under document number 
C(2007) 2047). Offi  cial Journal of the European Union, L. 131/24.

European Commission 2007b. Commission Decision of 26 March 2007 Amending 
Decision 2006/595/EC Drawing up the List of Regions Eligible for Funding from the 
Structural Funds under the Convergence Objective for the Period 2007 to 2013 as Concerns 
Bulgaria and Romania. Offi  cial Journal of the European Union, L 87/15.

European Commission 2007c. Commission Decision of 26 March 2007 Amending 
Decision 2006/594/EC Fixing an Indicative Allocation by Member State of the Commitment 
Appropriations for the Convergence Objective for the Period 2007 to 2013 as Concerns 
Bulgaria and Romania (notifi ed under document number C(2007) 1290). Offi  cial Journal 
of the European Union, L 87/18.

Fabrizi, E.–Guastella, G.–Marta, S.–Timpano, F. 2016. Determinants of Intra-
Distribution Dynamics in European Regions: An Empirical Assessment of the Role of 
Structural Intervention. Tijdschrift voor Economische en Sociale Geografi e 107, 522 ̶ 539.

Fratesi, U.–Perucca, G. 2014. Territorial Capital and the Eff ectiveness of Cohesion 
Policies: An Assessment for CEE Regions. Investigaciones Regionales 29, 165 ̶ 191.

Fratesi, U.–Perucca, G. 2019. EU Regional Development Policy and Territorial 
Capital: A Systemic Approach. Papers in Regional Science 98, 265 ̶ 281.

Fratesi, U.–Wishlade, FG. 2017. The impact of European Cohesion Policy in diff erent 
contexts. Regional Studies 51, 817–821.

Gagliardi, L.–Percoco, M. 2017. The Impact of European Cohesion Policy in Urban 
and Rural Regions. Regional Studies 51, 857–868.

The unintended eff ects of the Cohesion Policy: The wealthiest regions...



78
Government of Romania 2007. National Strategic Reference Framework 2007-

2013, Final version 2007. http://old. fonduri-ue. ro/baza-de-date-proiecte-contractate, 
downloaded: 20.03.2019.

Hagemann, C. 2019. How Politics Matters for EU funds’ Absorption Problems – a 
Fuzzy-Set Analysis. Journal of European Public Policy 26, 188–206.

Incaltarau, C.–Pascariu, C. G.–Surubaru, N. C. 2020. Evaluating the Determinants of 
EU Funds Absorption across Old and New Member States – the Role of Administrative 
Capacity and Political Governance. Journal of Common Market Studies 58, 941–961.

Kostov, P.–Le Gallo, J. 2015. Convergence: A Story of Quantiles and Spillovers. 
Kyklos 68, 552–576.

Loewen, B. 2018. Cohesion Policy and Institutional Change in Hungary and Estonia. 
Regional Studies, Regional Science 5(1), 255–262.

Medeiros, E. 2017. European Union Cohesion Policy and Spain: A Territorial Impact 
Assessment. Regional Studies 51, 1259–1269.

Medve-Bálint, G. 2017. Funds for the Wealthy and the Politically Loyal? How EU 
Funds May Contribute to Increasing Regional Disparities in East Central Europe. In: 
Bachtler, J.–Berkowitz, P.–Hardy, S.–Muravska, T. (eds.) EU Cohesion Policy Reassessing 
Performance and Direction. London: Routledge, 220–240.

Medve-Bálint, G. 2018. The Cohesion Policy on the EU’s Eastern and Southern 
Periphery: Misallocated Funds? Studies in Comparative International Development 53, 
218–238.

MDRAP 2012. Finanțare Europeană pentru proiecte de cooperare teritorială. http://
www.mdrap.ro/pachet-informativ-cte, downloaded: 21.03.2019.

Ministerul Finanțelor Publice 2011. POS Creșterea Competitivității Economice. 
Document Cadru de Implementare a Programului Operațional Sectorial Creșterea 
competitivității economice, versiunea, ianuarie 2011. http://old.fonduri-ue, downloaded: 
11.02.2019.

Ministerul Fondurilor Europene 2016. https://www.fonduri-ue.ro/images/fi les/
transparenta/date-deschise/comm_fi nancing_contracts_oct_2016.xls, downloaded: 
21.01.2019.

Ministerul Mediului și Pădurilor 2012. Documentul Cadru de Implementare a 
Programului Operațional Sectorial Mediu 2007-2013. Versiunea 6, decembrie 2012. 
http://old.fonduri-ue.ro/documente-programare/documente-cadru-de-implementare/
posm, downloaded: 22.03.2019.

Ministerul Muncii, Familiei, Protecției Sociale și Persoanelor Vârstnice 2013. 
Documentul Cadru de Implementare a Programului Operațional Sectorial Dezvoltarea 
Resurselor Umane 2007-2013. Versiunea 6. http://old.fonduri-ue.ro/documente-
programare/documente-cadru-de-implementare/posdru, downloaded: 19.03.2019.

Mohl, P.–Hagen, T. 2010. Do EU Structural Funds Promote Regional Growth? New 
Evidence from Various Panel Data Approaches. Regional Science and Urban Economics 
40, 353–365.

Réka Horváth, Tünde Petra Szabó



79
Mohl, P. 2016. Empirical Evidence on the Macroeconomic Eff ects of EU Cohesion 

Policy. Wiesbaden: Springer Gabler.
Novosák, J.–Hájek, O.–Novosáková, J.–Lindner, M. 2017. Enterprise Support 

Policy and Territorial Cohesion: The Czech Republic (2007-2013). Journal of Urban and 
Regional Analysis 9, 141–157.

Pellegrini, G.–Terribile, F.–Tarola, O.–Muccigrosso, T.–Busillo, F. 2013. Measuring 
the Eff ects of European Regional Policy on Economic Growth: A Regression Discontinuity 
Approach. Papers in Regional Science 92, 217–233.

Percoco, M. 2017. Impact of European Cohesion Policy on Regional Growth: Does 
Local Economic Structure Matter? Regional Studies 51, 833–843.

Perucca, G. 2014. The Role of Territorial Capital in Local Economic Growth: 
Evidence from Italy. European Planning Studies 22, 537–562.

Pinho, C.–Varum, C.–Antunes, M. 2015. Under what conditions do Structural Funds 
play a Signifi cant Role in European Regional economic growth? Some evidence from 
recent panel data. Journal of Economic Issues 49, 749–771.

Rodrí guez-Pose, A.–Garcilazo, E. 2015. Quality of Government and the Returns 
of Investment: Examining the Impact of Cohesion Expenditure in European Regions. 
Regional Studies 49, 1274–1290.

Scotti, F.–Flori, A.–Pammolli, F. 2022. The economic impact of structural and 
Cohesion Funds across sectors: Immediate, medium-to-long term eff ects and spillovers. 
Economic Modelling 111(1):105833.

Surubaru, N. C. 2017. Administrative Capacity or Quality of Political Governance? 

EU Cohesion Policy in the New Europe 2007–13. Regional Studies 51, 844–856.

The unintended eff ects of the Cohesion Policy: The wealthiest regions...



80
Appendices
Appendix 1: Distribution of types of benefi ciaries across OPs 
(number of winning projects)

Type of benefi ciary
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Central public administration 
authority

36 151 204 206 46 126 96 865

Research institute 0 3 103 34 0 0 0 140

Large enterprise 0 0 284 73 5 0 0 362

Small business 79 0 2629 280 0 0 0 2988

Medium enterprise 27 2 1090 94 7 0 0 1220

Microenterprise 2157 0 1153 165 0 0 0 3475

Regional operator 0 81 0 7 0 0 0 88

Non-profi t, non-governmental 
organisation

160 89 166 681 0 12 0 1108

Non-profi t, non-governmental 
body of public utility, with legal 
personality, operating in the 
fi eld of regional development

64 2 18 69 0 1 15 169

Legal person of private law and 
public utility

23 8 40 876 1 1 0 949

Commercial company with 
majority or full state ownership

1 5 0 2 71 0 0 79

Territorial administrative unit / 
county council

317 58 62 24 0 48 2 511

Territorial administrative unit / 
town hall / local council

1587 43 42 84 1 134 0 1891

Unit subordinated to or 
coordinated by a central public 
administration authority

5 59 104 446 8 53 48 723

State university 9 12 104 545 0 10 0 680

Source: Own calculations
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Appendix 2: Means, standard deviations, and correlations 
with confi dence intervals (whole sample)

Variable M SD 1 2 3 4 5 6 7

1. logEUFunds 7.52 0.49

2. logGDPpercap 9.89 0.34
0.71**
[.52, .84]

3. HBED 5.45 1.50
0.63**
[.41, .79]

0.58**
[.34, .75]

4. ENROLLED-
PREUNIV

64603.77 31970.02
0.49**
[.22, .69]

0.46**
[.18, .67]

0.52**
[.26, .71]

5. STUDFINAL-
UNIV

15933.50 39259.65
0.68**
[.48, .82]

0.65**
[.43, .80]

0.63**
[.40, .78]

0.83**
[.71, .91]

6. RETIREES 111967.66 71143.30
0.59**
[.35, .76]

0.59**
[.35, .76]

0.56**
[.30, .74]

0.94**
[.88, .97]

0.91**
[.84, .95]

7. UNEMP 6.3 2.03
-0.52**
[-.71,-.26]

-0.63**
[-.78,-.40]

-0.27
[-.53, .03]

-0.36*
[-.60, -.07]

-0.43**
[-.65, -.15]

-0.40**
[-.63, -.11]

8. SUBSIDIES 220.47 42.91
-0.00
[-.31, .30]

-0.16
[-.45, .15]

-0.19
[-.47, .12]

-0.35*
[-.59, -.05]

-0.29
[-.55, .01]

-0.31*
[-.56, -.01]

0.01
[-.29, .31]

Source: Own calculations

 Appendix 3: Testing the assumptions of the OLS regression for all (Model 1)

Linearity
RAMSEY RESET test: F(2,36) = 0.065809, p-value = 0.9364
Rainbow test: F(21,17) = 1.4044, , p-value = 0.2407

Homoscedasticity
studentized Breusch-Pagan test: χ2(3) = 6.2587, p-value = 0.09968
Goldfeld-Quandt test: F(17,17) = 1.4741, p-value = 0.216
White test: χ2(8)=13.0, p-value = 0.113

Autocorrelation
Durbin-Watson test: DW = 2.1567, p-value = 0.7175
Breusch-Godfrey test for serial correlation of order up to 4: F(4) = 2.474, p-value = 
0.6493

Normality of residuals
Shapiro-Wilk normality test: W = 0.94774, p-value = 0.05362
Anderson-Darling normality test: A = 0.62609, p-value = 0.09619

Source: Own calculations in R

Appendix 4: Descriptive statistics for EU funds/capita received 
by county councils, city councils and town halls

N Minimum Maximum Mean
Std. 

Deviation
Skewness Kurtosis

Statistic Statistic Statistic Statistic Std. Error Statistic Statistic Std. Error Statistic Std. Error

EU funds/ 
capita

42 241.126 1257.479 701.383 37.470 242.839 0.247 0.365 -0.461 0.717

Source: Own calculations
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Appendix 5: Means, standard deviations, and correlations 
with confi dence intervals in the case of funds received exclusively 
by county councils, city councils and town halls

Variable M SD 1 2 3 4 5 6 7

1. logEUFunds 6.49 0.38

2. logGDPpercap 9.89 0.34
-0.08
[-.37, .23]

3. HBED 5.45 1.50
0.13
[-.18, .42]

0.58**
[.34, .75]

4. ENROLLED-
PREUNIV

64603.77 31970.02
-0.32*
[-.57, -.02]

0.46**
[.18, .67]

0.52**
[.26, .71]

5. STUDFINAL-
UNIV

15933.50 39259.65
-0.35*
[-.59, -.05]

0.65**
[.43, .80]

0.63**
[.40, .78]

0.83**
[.71, .91]

6. RETIREES 111967.66 71143.30
-0.35*
[-.59, .05]

0.59**
[.35, .76]

0.56**
[.30, .74]

0.94**
[.88, .97]

0.91**
[.84, .95]

7. UNEMP 6.3 2.03
-0.01
[-.31, .30]

-0.63**
[-.78,-.40]

-0.27
[-.53, .03]

-0.36*
[-.60, -.07]

-0.43**
[-.65, -.15]

-0.40**
[-.63, -.11]

8. SUBSIDIES 220.47 42.91
0.61**
[.38, .77]

-0.16
[-.45, .15]

-0.19
[-.47, .12]

-0.35*
[-.59, -.05]

-0.29
[-.55, .01]

-0.31*
[-.56, -.01]

0.01
[-.29, .31]

Note: M and SD are used for mean and standard deviations. Values in square brackets indicate the 
95% confi dence interval. The confi dence interval is a plausible range of population correlations that could 
have caused the sample correlation (Cumming, 2014).

 * p < .05. ** p < .01.

Source: Own calculations

Appendix 6: Testing the assumptions of the OLS regression 
for county councils, city councils and town halls (Model 2)

Linearity
RAMSEY RESET test: F(2,36) = 1.0015, p-value = 0. 3773
Rainbow test: F(21,17) = 2.1343, , p-value = 0.0586

Homoscedasticity
studentized Breusch-Pagan test: χ2(3) = 6.0398, p-value = 0.1097
Goldfeld-Quandt test: F(17,17) = 0.53678, p-value = 0.8951
White test: χ2(8) = 13.7, p-value = 0.0890 

Autocorrelation
Durbin-Watson test: DW = 1.9724, p-value = 0.4847
Breusch-Godfrey test for serial correlation of order up to 4: F(4) = 2.0467, 
p-value = 0.7272

Normality of 
residuals

Shapiro-Wilk normality test: W = 0.98609, p-value = 0.8817
Anderson-Darling normality test: A = 0.20706, p-value = 0.8586

Source: Own calculations in R
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 Appendix 7: Means, standard deviations, and correlations with 
confi dence intervals in the case of funds received exclusively by companies

Variable M SD 1 2 3 4 5 6

1. logEUFunds 5.84 0.38

2. logGDPpercap 9.89 0.34
0.60**
[.36, .76]

3. HBED 5.45 1.50
0.40**
[.11, .63]

0.58**
[.34, .75]

4. ENROLLEDPRE-
UNIVper1000

122.25 10.21
-0.31*
[-.56, -.00]

-0.47**
[-.68, -.20]

-0.12**
[-.41, .19]

5. STUDFINAL-
UNIVper1000

18.65 25.48
0.52*
[.26, .71]

0.71**
[.52, .84]

0.74**
[.56, .85]

-0.35*
[-.59, -.06]

6. RETIREES 111967.66 71143.30
0.37*
[.08, .61]

0.59**
[.35, .76]

0.56**
[.30, .74]

-0.35*
[-.59, -.05]

0.76**
[.59, .86]

7. UNEMP 6.30 2.03
-0.53**
[-.72, -.26]

-0.63**
[-.78, -.40]

-0.27
[-.53, .03]

0.34*
[.04, .58]

-0.46**
[-.67, -.19]

-0.40*
[-.63, -.11]

Note: M and SD are used for mean and standard deviations. Values in square brackets indicate the 
95% confi dence interval. The confi dence interval is a plausible range of population correlations that could 
have caused the sample correlation (Cumming, 2014).

 * p < .05. ** p < .01.

Source: Own calculations in R

 Appendix 8: Testing the assumptions of the OLS regression for companies 
(Model 3)

Linearity
RAMSEY RESET test: F(2,38) = 2.0004, p-value = 0.1493
Rainbow test: F(21,19) = 0.95451, , p-value = 0.5439

Homoscedasticity
studentized Breusch-Pagan test: χ2(1) = 2.5245, p-value = 0.1121
Goldfeld-Quandt test: F(19,19) = 0.73154, p-value = 0.7489
White test: χ2(4)=3.47, p-value = 0.482 

Autocorrelation
Durbin-Watson test: DW = 2.1076, p-value = 0.6381
Breusch-Godfrey test for serial correlation of order up to 4: F(4)= 2.8963, p-value 
= 0.5753

Normality of residuals
Shapiro-Wilk normality test: W = 0.96181, p-value = 0.1713
Anderson-Darling normality test: A = 0.33915, p-value = 0.4838

Source: Own calculations in R
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